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using Commercial Microwave Links
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Methodology

No-data coverage mask

CML dataset

Sri Lanka

Received power levels (min. and max.,
every 15-minutes)

* Sep. 2019 — Dec. 2020

e 2570 sub-links;
across 1328 unique link paths

* Ordinary Kriging interpolation

How far in advance can we skillfully
predict rainfall events using only
Commercial Microwave Link (CML) data?

l, country-wide rainfall maps on
2-km grid at 15-min. resolution

Nowcasting method evaluation
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* Temporal accumulation increases skillfull lead time up to 120 minutes

(barticularly relevant for catchment hydrologists and water managers!) PySTEPS nowcasting methods
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Fraction Skill Score for the Extrapolation method for all 15-minute intervals in 1-h events.

1-h events — 1 mm/h threshold 1-h events — 5 mm/h threshold

1-h events — 10 mm/h threshold
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The histogram in the background shows the distribution of the maximum catchment length scale.

Key takeaways

100

2. Straightforward extrapolation of rainfall fields leads to similar skill as more complex

methods — promising for operational early warning!
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Extremely small motion fields (in
combination with 15-min. temporal

data vs. 1. Accumulated rainfall depths at the catchment scale (~40 km) can skillfully be predicted resolution) can lead to nearly static
CMLHOWCB.St 7 h head — i f d h hvdrolosists! consecutive rainfall fields where the
rs ahea important for water managers and catchment hydrologists! growth and decay module (STEPS) i

outperformed, in terms of metrics, by
Persistence.
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