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(1) Context

EuropeanWindstorms:

A 1 221 billion averageannualinsured loss in Europe[1]
A Tendto occurin clusters[2]
A Lothar & Martini 8 billion in France[3]
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A Costliesthazardfor GeneraliFrance
Clusteringimpact is likely underestimated|4]
Divergencesin storms cataloguesand the cost estimate [5]

How can claimsbe associatedto
succesivestorm events ?
Do usual vulnerability curves capture
clustered-event losses accurately?
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A Good alignment between the peak of claims and the storm events

o Vulnerabilitgurves _ _
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e Case studynatalothar/Martin e Conclusions & Perspectives

The association method separate claims within successive

A Same geographical pattern storms events

A Systematic underestimation with 85% of losses are linked to clusteredstorms
IndivA Clustand ClustA, Clust

A Error of the same magnitude of the

Usualvulnerability curves :
A Underestimate total losses of clustered events
A Underestimate loss ratios for the strongest wind gusts
A Overestimate loss ratios in clusters for moderate wind gusts (<g90
Points for discussion
o Input dataset limitation$’ossibleinderestimation of peak wind gusts
o Tail behaviour : Better capture extreme wind gusts
o0 Model structure :
Separatiomto occurenceandseverity modules
Different vulnerability functions
o0 Spatial aggregation : Smoothing of local vulnerabillities
0 Exposure assumptions
Next Steps
o Quantify added costs linked to clustering
0 Extend to other compound hazards(wind/rain)

total cost
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