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Abstract: The analysis of chlorophyll maps measured by the SeaWiFirgtsensor shows multifractal properties that are caestswith the statistical theory of turbulence. Therefarithin this scale range (1-128km),
turbulent mixing seems to be the dominant effect explaipimgoplankton variability. Moreover, multifractal patolss can cause significant biases in the nonlinear termadvied in biogeochemical numerical models.

Experimental dataset @ Multifractal model and validation @ Multifractal analysis technique

The Senegalo-Mauritanian Upwelling FIF model (Fractionnaly Integrated Flux, Schertzer & Lovejoy, 1987)
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