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years uncertainties associated with the datasets to better understand in which
situations this tool 1s more reliable.

The agreement between datasets 1s good
for most of the regions (r>0,60), but
with higher differences in mountainous
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regions. The biggest differences are observed for the Niger basin and the Blue Nile basin, region
with the most complex orography. These regions have the lowest station density per grid * Finally, this type of approach could allow some forecast applications. For
with up to 75% of pixels without any ground observation for the GPCC dataset. instance, it 1s possible to use the distribution information for each member

of the bootstrap as initial conditions to develop drought scenarios.

This means that more 1n-situ data are needed in order to improve the GPCC precipitation

Figures: 3_m0nth SPI time Series Calculated using 1998 1999 2000 2001 2002 2003 2004 YE:Z;OS 2006 2007 2008 2009 2010 datasets and the TRMM Calibration aS Well
different datasets and baselines. '
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