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MOTIVATION ATMOSPHERIC REANALYSIS DATA from the US National Center for Environmental
Gold coast beaches are periodically affected by large wave events originating erosion and flooding episodes. The willing to Prediction (NCEP) Climate Forecast System Reanalysis (NCFSR; Saha et al.,
develop adaptation strategies for coastal communities for the future has motivated this study, since it would be necessary to 2010). This reanalysis spans from 1979 to 2009 with an hourly temporal
analyze the changes in ocean wave heights. However, this variable is not directly available from the output of global climate resolution and 0.5°x0.5° spatial resolution.

models. Useful projections of future wave height climate need to be produce through dynamical or statistical ‘downscaling’ WAVE REANALYSIS DATA kindly provided by Dr. Hemer. This model hindcast was
approaches.

forced using the NCFSR winds and sea-ice concentrations. The output is an
OBJECTIVES hourly wave spectra defined by a directional resolution of 15° (24 directions) N
To generate high resolution shallow water sea state time series. and 32 frequency bands for the 30 years of data (1979-2009). R o
To develop and validate a statistical downscaling model to relate an atmospheric field with deep water or local sea states INSTRUMENTAL DATA Byron bay buoy which spans from 1976 to 2010. s 2o ¥

To provide wave climate projections for different scenarios of the Access 1.0 CIMP5model. Gold Coast buoy year 2008. g [ Deepwater
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