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The statistical modelling of annual rainfall totals (ART) is fundamental in man : : — : . : : . L : : L : L.
folds of . £ vdraulic des 4 t( | ¢ wat { Three non-parametric goodness-of-fit test statistics for assessing the validity of the normality assumption Given a set of climatic predictors (Set 1), the constraints S are tuned by optimizing the following objective
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theoretically arises from central limit theorem (CLT). In particular, the goal of our max(P[A N T] + P[A¢ n T¢))
work is oriented towards creating a non parametric procedure to assess the S
accuracy of the normality assumption of ART, based on the marginal statistics of E . = set of constraints:
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daily rainfall. The analysis has been conducted using the NOAA-NCDC daily _ + P[A N T]= joint probability of 4 and T events; A = approximate gaussianity;
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