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Missing values and lack of information in water 
management datasets: an approach based on 
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Environmental data often present missing values or lack of information that make modelling tasks difficult. Under the 
framework of SAICMA Research Project, a flood risk management system is modelled for Andalusian Mediterranean 
catchment using information from the Andalusian Hydrological System. Hourly data were collected from October 2011 to 
September 2020.  

Introduction 

Study area 

Guadarranque river: No data 
from May to September 2020. 
Missing values problem. 

Guadairo river: No information 
from the lower area. Lack of 
information problem. 

Guadairo river 

Guadarranque river 
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Conclusion and Future Works 

Solutions based on Bayesian networks provide appropriate and 
robust results. But, further work is needed:  

- Scenario with new data to check if extreme events are properly 
identified. 
-  Include information about consumption rates in order to 
improve final predictions. 

1. Data imputation. Comparison 

2. Model learned with real and imputed data. 

Unsupervised 
classification or soft 
clustering, based on 

BNs. 


