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MCMC needs many evaluations, especially gradients for HMC

MCMC algorithm with:
* A neural net to propose moves
* Metropolis-Hastings rule using true model

Combination of:
* Physics-induced neural networks (adjoints)
e Surrogate functions for sampling

Himmelblau function

Properties of sampling that help: 08
* Many discarded samples

 Markov chain doubles back often
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NN, L2, with gradients




