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Small urban river monitoring (Marque riviere) at Lille in France o

Mobile laboratory characteristics:

- Automatic measurements every ten minutes

- Currently 7 parameters are followed directly in the laboratory

- filtered water samples based on high frequency measurements

- Automatic sending of data and operation notifications

how about a little e-visit?

labo-mobile@univ-lille.fr
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Inside LASIRE mobil laboratory: An automatised and adaptative system
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Typical output data: high frequency measurements and sample identification
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Optimised Sampling Algorithm (OSA): operating logic

2 parameter example: » Standardisation phase allow to compare several parameters between them

»

Parameter 2 4
* Euclidean distances calculation between newly measured point and previously sampled

ones

parameter n

D(A,B) = Z (Xa— Xp)?

New measure > sampled X;=parameter 1

New measure > notlsampled @ * Comparaison between these distances and a treshold distance (td) which is calculated

@ @ for every single point td
+—>

®
ol & parameter GX’)

Previously sampled points

* |If one of these distances is lower than the treshold, new measurment is not sampled
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Algorithm evaluation
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Thank you for your attention
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