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Model results:
Wi nlller Wh eqlll NDVI is not a good predictor for wheat yield in BE
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Model resulis:
sugar beet and late potato
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 Weather information explained a large part of yield variability
 Modelled soil water depletion explained part of sugar beet and late potato variability

 NDVItime series explained yield variability when able to capture environmental effects

IConclusions
&
%

* Transferability of data-driven yield models:
 Data from multiple years needed to capture year-to-year variability
* Wide range of environmental conditions should be included in data-driven models
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