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monitoring stations (Sengupta, 2003). (2017-2021) State
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= In the recent years, artificial intelligence and machine V
learning, have been applied to construct datasets of near-
surface PM, ., such as neural network (Di et al., 2017),

Data Pre-Processing

random forest (RF) (Li et al., 2020; Wei et al., 2019; Wel et )

al., 2020; Wei et al.,, 2022), the fast space-time Light v Train-Test Split (70:30) \’
Gradient Boosting Machine (LGBM) (Wei et al., 2021a; Training Data Testing Data
Zhong et al, 2021), and Extreme Gradient Boosting (= 4.3 million) (= 1.8 million)
(XGBoost) (Li et al., 2020; Chen et al., 2019). l 3

Machine
Learning Model
PM,s = f(BC, SS, SOy,
DUST, OC)

= The MERRA-2 products developed by the Global Modeling
Assimilation Office (GMAO) (Randles et al., 2017) provide
relative long-term surface PM,: mass concentration since

1980s. | Figure 5. Average Annual PM, . Concentration Comparison between

h 1980 and 2021 for Indian States
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