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e River water level prediction is critical for water resource management and flood control. Our research proposes a meta-learning approach to automatically select the best machine learning model for a given dataset,
Improving prediction accuracy and aiding decision-making.

e Our approach involves three stages:
m We prepare and integrate relevant datasets.

m \We train candidate models (e.g., linear models, dense neural networks) on a training set and evaluate the performance of each model on a validation set.
m he meta-learner uses this information as a an input and selects the best-performing model for the given dataset.
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e Our study involved the use of eight different models to predict water levels at 70 locations throughout Ireland. d It can be seen as a "learning-to-learn” algorithm that learns the optimal
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e The validation results were confirmed with the test viodel  |BestValidation BestTest approach on larger datasets and with more complex models.
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e Experiment results indicate that although some models outperformed others, = RNN
there is no overall best model. CNN

In summary, our proposed meta-learning approach for model selection can help improve the accuracy of river water level prediction and aid decision-makers in making informed decisions for water resource management
and flood control.
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