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Motivations Method: Results
The growing availability of distributed satellite observations in space and time is valuable Pa ra I Iel pa rticle ﬁltering

information for improving flood modelling, as water surface areas can be
Goal: Estimate the posterior distribution of Strickler coefficients
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at 1h15 and 2h30 by converting water depth map into backscattering
intensities with a resolution of 10 m X 10 m
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* The methodology allows retrieving Strickler
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» Simulated time: 2h30 of physical time with a time step of 0.5 s likelihood measures as the one in [Dasgupta, 2021}
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 Application on an operational case
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weight at each pixel between observed and simulated backscattering intensities. Refe rences

Water depth at second observation and transformation into backscattering intensities.
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