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motivatior 3. Methodology

- Understanding projected changes in sub-daily extreme rainfall in mountainous basins can help increase our capability to
adapt against current and future flash floods and debris flows. Leveraging from two recent advancements:

- 1). High-resolution convection-permitting climate models (CPMs): more realistic representation of convection than
coarser-resolution regional models.

1. Statistical Method

based on Simplified Metastatistical Extreme Value distribution (SMEV):
> non-asymptotic method based on the idea that extremes are samples from ordinary events x

. 2). Novel non-asymptotic extreme value approaches: estimation of rare return levels with reduced stochastic » 2-parameter Weibull distribution to fit the upper tail of the distribution of ordinary events x
uncertainty, even from short datasets F(x,A,k)=1-eM~(x/1) k)
Objective: to compare the changes in extreme rainfall projections from apparent Clausius-Clapeyron (CC) temperature + Applied at each grid point on hourly time series
scaling against those obtained from convection-permitting climate model simulations. » Rainfall durations: 1, 3, 6, 12, 24 h
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compared to CPMs and fails to account for elevation effects.
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