Advancing sediment fingerprinting techniques:

The importance of considering sediment mixtures data for tracer selection
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1. INTRODUCTION

Sediment fingerprinting is a key tool to identify the potential sediment sources and quantify the provenance
of sediments in catchments

2.2. TRACER COMPATIBILITY

Consistent Tracer Selection (CTS) A novel method for analysing
consistency and unravelling multiple solutions in sediment
Fingerprinting. CTS method explores the dataset and identifies
multiple valid sets of tracers that effectively discriminate sources
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 Tracers are soil properties with unique characteristics for each
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findings due to the use of tracers that are either not coherent or
not conservative
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