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. All models are optimized for PSNR, implemented with compressai [3]
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Discussion

SCOFES “Roof effect” on RD Curve for Remote Sensing images
Significant drop in reconstruction quality for GRD images
Very low bit-rates possible
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factorized hyperprior mean mbt2018 - ! ! :
01 01 01 10 Are the statistics used in the Hyperpriors suitable for SAR?

A/QP 0.15 ) )
What about spatial and channel redundancies?
m 1.182 1.063 1.112 1.001 1.494 P . .
SAR specific image quality metrics?
PSNR [dB] 35.24 35.42 35.13 36.30 28.88
SSIM [%] 94.31 94.86 94.84 95.47 77.86
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