Detection and Characterization of Climate Extremes
with Deep Learning
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3. Deep Learning Method 4. Results
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* Season split

. L Unsupervised Anomaly Detection
e Min-max normalization

» Implementation of a severity index, to better compare events

» Exploitation of the latent space of the neural network The model handles big data sets of high complexity
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Events are characterized with various indicators

» Validation with climate indices (analytical method: icclim')
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» Integration with the interTwin architecture and components Results are consistent
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» Extension to other climate variables (e.g. precipitation)
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This model unlocks the ability to better quantify climate impact
Tl e 0 6 s 1o 10 S e S » Paper preparation uncertainties (ensemble approach)

L] Longitude (°)

Preprocessing Steps: from World to Western Europe
Normalized and Enhanced with Land-Sea Proportion

1. icclim indices: https://github.com/cerfacs-globc/icclim

. : interTwin Project Website: https:// www.intertwin.eu
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