Automated and flexible measuring of grain size and shape in images of sediment with deep learning u’
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The size and shape of sediment grains is critical for understanding the interactions between hydraulics and sediment transport. < a-axis (ellips ) — a-axis (ell)
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F)ata on grain size is laborious to obtain, e.g., by manual counting Visual complexity in images of fluvial channel sediments alone. Images from Chen et al. (2022) and Mair et al. (2022). Overall quality of grain size data collected with different methods in image tiles / I — ISVA 15 s | o . i,
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Grain size accuracy when comparing to independent data.
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Re-trained with images of fluvial pebbles, outcrops,
periglacial sediments, and images from a gravel pit.

> Trained on hundreds of biomedical images
> Fast & flexible, open-source
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