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Kernel Change Detection in y° time series

Detecting ASCAT sensor drift Monitoring changes in 0° incidence angle dependence

ASCAT backscatter (Left fore-beam, ascending passes)
Gamma nought (y°) is calculated

by dividing sigma nought (0°) (in

The relationship between incidence angle and backscatter
at a calibration target can be modeled by a second-degree

Second-degree polynomial fit to o as a function
of incidence angle (Metop A, ascending passes only)

- ASCAT: microwave radar instrument on Metop satellites, designed for wind
speed and direction over open ocean. Also capable for observing sea ice
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