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Motivation

* 70 % of anthropogenic CO, emissions are associated with urban areas. [}

* Knowledge of high-resolution greenhouse gas emissions can guide and motivate future mitigation
efforts. 2

* Many urbanregions are still lacking the required measurementinfrastructure foremission
prediction within inversionsforindependentverification and as supplement of bottom-up approaches.

* Open question: How to design measurement networks to inform effectively about urban CO,,
emissions?

* Our approach:We testvarious architecturesin a synthetic environmentin an observing system
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Description Result of FLEXPART-WRF Bl:  Summed-up CO, emissionsof Biogenic CO, fluxes from
104 particles per release, TNO Blinventory VPRM [6] run
transported for 1 day,
WRF data: EGU24-8915 4]

Evaluation of Realizations

Resolution ¢ Spatial: 1 kmin Berlin Area, 5 km in rest of Germany
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