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Sustainability of bread wheat in France: a GAMLSS-based risk and return period assessment
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Wheat yields in France have stagnated since the 1990s, with several exceptionally low-yield
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Example : Heat stress indicator (nbr days with Tasx >25°C) during grain filling phase Tty

from GCM-RCM: CNRM_CERFACS_CNRM_CM5-CNRM_ALADIN63 and scenario RCP 8.5
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AV L Heat stress is expected to impact booting, heading, and grain-filling stages. Warmer winters may disrupt
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vernalisation and raise disease pressure, especially under high rainfall or humidity from E1 to FL.
* Le Roux et al. (2024) Mapping the race between crop phenology and climate risks for wheat in France under climate change | l pr esp 'y uncer hig! Y
* Caubel et al (2015) Broadening the scope for ecoclimatic indicators to assess crop climate suitability according to ecophysiological, technical and P ) Compound heat and drought risks are likely to intensify, with at least one severe event per decade.
quality criteria Fue(y) = Plix < @s0) « P(iz < @s0) 12(x,¥) = C(Fia (%), Fo () Adaptation strategies should focus on improving heat and disease resistance and lower chilling requirements,
** Aubry et al (2025) A new dataset to elucidate inaccurate temperature thresholds masking a hidden source of risk uncertainties in common

wheat * From a cumulative distribution function (F), we can deduce the exceedance probability. especially in vulnerable areas like the South-West and Grand Est




