Multi-Model Ensemble and Reservoir Computing for
Efficient River Discharge Prediction in Ungauged Basins
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Take Home Message

(1) A rainfall-runoff model combining multi-model ensemble and Reservoir Computing (RC) enables accurate, bias-resistant, interpretable
predictions in ungauged basins—without iterative calibration. (2) By linking Bayesian Modeling Ensemble (BMA) and RC weights to catchment
attributes, our method allows weight estimation for ungauged basins, ensuring broad regional applicability. (3) Even with uncalibrated
conceptual hydrological models, machine learning and ensemble techniques effectively compensate for individual model weaknesses.
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