GROW: A GLOBAL TIME GROW (global integrated GROundWater package) is a global, analysis-ready dataset that combines

observed groundwater time series data with potential associated Earth system variables.

G RO U N DWATE R STU DI ES @ Access to groundwater is pivotal for humans and ecosystems that depend on it as freshwater sourcel?3 @ With GROW, we offer a dataset to the global community that can be used to understand spatiotemporal

@ However, we have a limited systematic understanding of the complex interlinkage between groundwater and groundwater dynamics in the context of the Earth system. For example:
its environmental controls within the Earth system (here called Earth system variables)*~®’ S Cumulative effects of multiple controls on groundwater time series can be studied in space and time (e.g.
WIT H I N T H E EA RT H SYST E IVI @ Observations play a key role in filling these knowledge gaps’-®°, but... with machine learning or principal component analysis)
® So far, there is no existing groundwater dataset that: = Processes conceptualized for specific environmental settings can be transferred to regions with no data but
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Table 1: List of all 34 Earth system variables that were merged with the groundwater data classified by Earth system component. In contrast to attribute variables, time series are written

in italics.
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Figure 1- World map with Iocatlonssom;every time series and classified by temporal resolution: The global groundwater data was derived from igrac’s Global Well and cover in surface catchment and f) NDVI as box plot. Box plots show the median of a
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depth time series so that a rising groundwater table (decreasing depth) is flagged as “increasing”. displayed as dots. Below the plots, a table with either the respective fractions per class and ST o S 1 p— O e T ERT

group or the min, median and max value per group is given.
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