Fuzzy clustering of electrical and seismic data
for the detection of geophysical targets
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Introduction Field results
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tomography (SRT) are often effective for detecting geophysical targets Site acquisition Inverted models — L2 Cluster analysis
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Case 2: bedrock detection in a site prone to instability
Site acquisition Inverted models — L2 Cluster analysis
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Bayesian Informative Criterion (BIC) *

(schwarz, 1978 Validation Conclusions

BIC=—-2):_,L; + m-log(n)

Synth eti cCnm Ode I S {am;;;zi%}s.._ {Ef:e%m * The presented quantitative ML approach is effective to detect geophysical targets and
N o 0m 05 075 assess the accuracy of the subsurface reconstruction through a membership function.
Simulation of Case 1 Simulation of Case 2 | MM ' * The membership function is a good estimator of the reliability of the procedure, as it

T rwemodels T | nvertedmode|s """""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""""" ranges from O to 1, with 1 reflecting a high reliability of the cluster analysis.
= £  This approach can be a valuable automatic tool for many applications of geophysical

techniques in civil and environmental engineering.
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