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INTRODUCTION

The 2018-2020 drought in Europe established a new
benchmark in drought severity and persistence, highlighting
the potential risks associatedwith the intensification of these
events under climate change (Rakovecet al., 2022). This event
exemplifies the complex nature of droughts as spatiotemporal
phenomena that propagate through the hydrological cycle
with cascadingecological and socioeconomicconsequences

By analyzing droughts as contiguous spatiotemporal events

(Lloyd-Hughes,2012) in France we investigated two questions

1. How might meteorological and soil drought characteristics
evolve acrossFranceunder future climate scenarios?
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4. INFLUENCE OF METEOROLOGICAL DRIVERS ON SOIL MOISTURE DROUGHTS
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