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traditional urban-rural divide. from the 2020 census data.
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driven relationships.
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« This study applies an unsupervised learning neural network to classity territorial typologies at the municipal level i . |
across Switzerland. Urban centres Cluster5 271 (12.2%) 2,090 (5.2%) ¢ Complex rural-urban |nterface, ranging from the Central
. . . . . . . . . . ; : Plateau around main urban centres (Geneva, Lausanne,
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detect patterns of urban expansion, and assess impacts on sensitive alpine regions. ke LGN Cluster3  288(13.0%)  4,027(10.0%)
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Rural-Forest Cluster1 579(26.1%)  7,786(19.4%) « Key trends include agricultural land loss, urban sprawl,

Physical space Demographic Socio-economic lnPUt Census Data Unproductive Cluster6 166 (7.4%) 13,605 (33.8%) and aging populations in peri-urban/rural areas.

- Eighteen variables selected from census 2020 at the
municipality level.

Forest areas Fopulationdensity: | Newbuildings » These variables gives a well-rounded representation of

International three key categories:

Agricultural areas ! , New houses . : :
8 migration « Physical space: settlement, forest, agricultural, unproductive, and

traffic areas.
« Demographic profile: natural growth, population density,
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Graphical outputs, such as
heatmaps and boxplots, represents
an effective visual tools to aid in
results interpretation, uncover
variables distributions and
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raffic areas oreigners ew enterprise mternat‘lonal and internal migration, foreigners, young and senior relationships, and enhance the
: : population. :
Young population Net income . ‘ o . analytlcal Process.
. _ « Socio-economic characteristics: employment rate, new buildings,
Senior population new houses, individual houses, new enterprise, and net income.

Heatmaps illustrating the relative distribution of

Data source: Federal Statistical Office - Statistical Atlas of Switzerland. ) : ,
each input variable across the output grid.

https://www.bfs.admin.ch/bfs/en/home/statistiken/regionalstatistik/atlanten/statistischer-atlas-schweiz.html. Accessed 12 Dec 2024
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O values in the range [0-1].
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