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Introduction & Methodology Research Questions Study Area

» Evapotranspiration (ET), the largest water flux through which water returns to We synthesized remotely sensed ET products together with auxiliary geospatial The Acheloos River basin (7531 km2) one of the most important hydrological

the atmosphere in vapor form, plays a central role in the terrestrial water and and environmental variables to address the following research questions: systems of Greece with regards to water supply (domestic and irrigation uses),
energy cycles. a) Which land cover contributes the most to the ET losses over the basin? hydropower, and ecosystem services, Is a vital hydrological system in Western

* In the water-limited Mediterranean basin, relatively small changes in green - _ Greece, characterized by a complex topographic terrain and a ~220 km river
water fluxes (ET) affect water resources and overall ecosystem functioning. b) How does ET variability relates to recent hydrometeorological extremes ? corridor

* Sustainable water resources management in these regions therefore requires ¢) What are the hotspots with the most sensitive land cover?
accurate spatiotemporal characterization of ET losses.

 Here, focusing on the Acheloos river basin, we quantified the spatial
variability of ET and its temporal dynamics at the seasonal, annual, and
inter-annual time scales.
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Spatial dynamics & cross-product uncertainties in ET
* A distinct offset is observed between the analyzed ET products: VIIRS

Temporal dynamics at the annual & seasonal time scales
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Figure (7). Spatial distribution of the long-term (2013-2024) mean annual hydroclimatic variables over the study area, i.e., mean annual Evapotranspiration (ET) as derived from (A) VIIRS o) (A = Gredsmbcon 140 ® — LT?::"E%\:H 140 (C) — Léd;b,c
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