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Introduction :

Here, a “weather regimes classification” is only based upon the use of a large scale parameter (for western Europe and eastern Atlantic) whilst a “weather type classification” is based upon both a large scale parameter and a local parameter (for a country or a region). Recently,
the european project Action Cost 733' (2004-2010) produced an interesting review of existing weather regimes classifications over Europe and an inventory of methods and validation techniques. Moreover, research on climate model downscaling has shown interests of weather
types classification, for past, present and future climate [Boé, 2008 ; Najac, 2008]. DCLIM from Météo-France has produced since 1985 an operational weather regimes classification [Bénichou, 1985] and is now developping new products of weather types classifications adapted

to local parameters over France (i.e.,precipitation, temperature, wind). 1http://cost733.met.no/ and http://geo21.geo.uni-augsburg.de/cost733wiki/
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